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ASSOCIATIVE 'means EFFICIENT
EFFICIENT means INTELLIGENT

Efficiency of biological data processing
is implicite in associations
‘of neural representation
of objects and actions
and also in active knowledge
that can be triggered
by activating them.



NEURAL REPRESENTATION OF OBJECTS

Neurons can represent many various objects.

Objects are represented by various combinations of
input data spread over time that activate neurons
as a result of exceeding their threshoulds.

This makes them discriminating parts of all combinations.
Thanks this discriminative property
neurons can differentiate data combinations that
activate neurons from all others input data combinations.

Activation of neurons lets them conditionally influence
other neurons that represent the other objects.

Letters and words can be represented by neurons in their
semantic context of the other words and their sequences.



ASSOCIATIVE NEURAL GRAPHS

are plastically build from neurons
representing various objects,
e.g. letters and words.

Neural representantion of the same objects
is never duplicated in these graphs.

It lets these graphs
consolidate representations of objects and
associate them in various real contexts.

These contexts define the semantics of them.



ASSOCIATIVE LINGUISTIC NEURAL GRAPHS

represent linguistic objects at the level of the letters
and words represented by neurons.

Such neurons are interconnected after
the letter orders in real words and
the word orders in real sentences.

It lets us to expect some common successors of
letters and words accordingly to the context of
other letters and words taking into account
frequencies of all subsequences in which they were.

This can be used for associative semi-automatic
contextual text corrections.



ASSOCIATIVE TEXT REPRESENTATION
in the LIMITED CONTEXT of SEQUENCES
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NUMBER OF CONTEXTUAL CONNECTIONS
is maximally limited to the number of words in sentences.

Number of sentences 200 400 2000 4000 >100000
Number of words 2614 11729 25461 S0953 961684
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ASSOCIATIVE TEXT CORRECTION

Neurons are stimulated in accordance to the connection weights.
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CORRECTED TEXT SEQUENCE:
(the) (stars ) 8D (shining ) (on ) Cthe ) @RED ()
TEXT AFTER CORRECION:

(the)(stars J(were )(shining J(on)( the )(sky )(.) ’
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ASSOCIATIVE TEXT CORRECTION

Neurons are stimulated by the read words and through the connections.
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ASSOCIATIVE TEXT CORRECTION

Neurons are stimulated by the read words and through the connections.
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ASSOCIATIVE TEXT CORRECTION

Neurons are stimulated by the read words and through the connections.
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ASSOCIATIVE TEXT CORRECTION

Neurons are stimulated by the read words and through the connections.
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ASSOCIATIVE TEXT CORRECTION

Neurons are stimulated by the read words and through the connections.
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ASSOCIATIVE TEXT CORRECTION

Neurons are stimulated by the read words and through the connections.
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ASSOCIATIVE TEXT CORRECTION

Neurons are stimulated by the read words and through the connections.
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ASSOCIATIVE TEXT CORRECTION

Neurons are stimulated by the read words and through the connections.
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RESULTS AND CONCLUSIONS

Associative semi-automatic text correction
uses a natural semantic context for all words
in checked and corrected sentences.

Using this kind of associative graphs it can suggest

a few most popular and common corrections after

the linguistic knowledge formed during reading of
many text corpora written by people.

wrong

::‘;;;fj;ﬂate It can find mistakes even in sentences

bad constructed from seemingly correct words
unsuitable ~ a

objectionable that were used in improper context

extrinsic

the native speaker will not use.

unbecoming
unseemly
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